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Abstract

The rapid spread of Al-generated videos on social media
has made judging video authenticity an everyday task. At
the same time, computational techniques that can accu-
rately and quickly distinguish natural from synthetic con-
tent at internet scale have proven elusive. We investi-
gated people’s ability to distinguish authentic videos and
Al-generated videos produced by state-of-the-art text-to-
video models while varying video duration (from a single
frame to 8s). Detection of Al-generated content improved
with duration (58% to 75%), but accuracy for real videos
remained near constant (~60%). Signal-detection and con-
fidence analyses revealed a key asymmetry: additional evi-
dence increased rejection of fakes without increasing trust
in real videos. We also examined factors influencing judg-
ments: detection was higher for Al-generated videos de-
picting humans, and reported strategies emphasized mo-
tion, body parts (e.g., hands), and image quality. These
findings suggest that the improvements in the realism of
Al-generated videos may reduce the basis for trusting any
video, rather than only making fakes harder to detect.

1. Introduction

During the recent U.S. government shutdown, federal food
assistance was disrupted for millions of Americans [12, 16,
25]. The ensuing events were covered by Fox News in a
story titled “SNAP beneficiaries threaten to ransack stores
over government shutdown” [10, 24]. Soon after, it was re-
vealed that the associated video footage was Al-generated,
having originated from a spate of racially-charged videos
shared on social media [20].

This is just one example of how the proliferation of Al-
generated videos shared on social media is causing confu-
sion about what is happening in the world. Just in the past
year (2025) for example, social media posts have also in-
cluded a mixture of authentic and Al-generated videos of

ICE agents clashing with local police officers [11] and of
the damage in Jamaica following Hurricane Melissa [2].
This mixture of content raises concerns that Al-generated
videos will be mistaken as real, and the inverse problem:
that important authentic content can be dismissed as Al-
generated [3, 22].

Current computational techniques for detecting and
alerting users about Al-generated videos do not yet oper-
ate at the efficiency or accuracy to be practical at internet
scale [6] nor are they readily available to the general pub-
lic. As such, consumers often have to fall back on their
own perceptual and subjective judgments of video authen-
ticity. As Al technology continues to advance rapidly, our
understanding of whether we can trust these judgments has
become a moving target.

When it comes to still image and audio-only media, there
is converging evidence that people can no longer reliably
distinguish between what is real and what is Al gener-
ated. Research conducted in 2022 and 2023, for exam-
ple, found that participants were on average near or be-
low chance at detecting that an image of a face was Al
generated [14, 18]. Contemporaneous studies on detection
of Al-generated voices reported performance well above
chance [15, 23], but a more recent study in 2025 suggests
that this gap is closing [1].

While the realism of Al-generated or Al-manipulated
videos is advancing rapidly, it has tended to lag behind
image- and audio-only content [26]. This lag is likely due
to the additional cues available in videos, such as audio-
visual misalignment and motion artifacts. For example, re-
cent studies examining videos of people talking suggest that
the combination of audio and visual cues can boost people’s
detection of Al-generated and Al-modified content [5, 9].
For visual-only content, the presence of violations of the
laws of physics or deviations from typical human motion
can provide salient cues in Al fakes [8, 17]. However, a re-
cent evaluation by Runway Al (a company producing tools
for creating Al-generated video) reported that over 90%
of viewers could not reliably distinguish their state-of-the-
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